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Output (Sound)
Prediction GT ﬁ

Input (video frames + prompt)

Given a muted video (image sequences) and a
short summary of the scene (prompt), our
method can
synchronized audio.

predict the

2D edit 2D Edit
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Prompt:‘ Person in thitchen. Person

frying meat with chopsticks.
Summary: The person is cleaning with

a vacuum cleaner.

Output (Sound)
Predlctlon GT

Video Embeddmg

Audio STFT (pred)
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Audio STFT (GT)

Prompt: Person was in a yard, hoes in a
yard with a hoe.

VisioSonics leverages CLIP Encoders, Stable Diffusion, and ControlNet to generate video
conditioned audio sprectrograms.
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32D Edit Remo\/al, Scale

Geometry Editing on Real
Images

Training-Free
Prompt-Free

Novel Geometry-Based
Shared Attention

Please chat with us for more
information!
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ViHOPE: Visuotactile In-Hand Object 6D

Pose Estimation with Shape Completion

Hongyu Li'2, Snehal Dikhale?, Soshi Iba?, and Nawid Jamali?
Brown University and 2Honda Research Institute

Ill Pégwiv)-

VVVVVVVVVV
ViTa
1.0 mmm DenseFusion
Eo.
.B
0.0

&
<
&
<& \,0 Qo

Estimation
o5 mmm ViHOPE(Ours)
B ViTa
Shape b = Denserus on
Completion \

\

b my FPartial Shape Complete Shape’ > 4

- e e e e e am e

Angular Error (degrees)
N

Olllllllll II

» The accuracy

of the in-hand object @50 LS
pose estimationcan £ vicion only
be improved by 5 2
explicitly completing 2 20
the shape of the 310

<

object using

. . . 50 60 70 80 90
visuotactile sensing.

Occlusion Level (%)

In IEEE Robotics and Automation Letters, vol. 8, no. 11. To be presented at ICRA 2024.

Qiuhong Anna Wei' and Srinath Sridhar’
Brown University

»> Scene understanding using 3D or 2D information
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Denoising Transformer Architecture
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